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Accurate up-to-date Extraction of valuable \
GeoDemographics and

linguistics data through
strong Data Acquisition
platform and engagement

information from data by
recognizing trends, patterns,
relations or other interesting
findings to solve clients’ needs

Enhanced analytics automation

process through Big Data learning

& implementation, mobile social
EN E I N E network platform, including

reliable & secure infrastructure
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WHAT IS BIG DATA?

LET'S SOLVE THIS PROBLEM BY
USING THE BIG DATA NONE
OF US HAVE THE SLIGHTEST
IDEA WHAT TO DO WITH

IT'S ABOUT MAKING DECISIONS
BASED ON DATA TO INCREASE VALUE

SO, WHAT’S NEW?
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WHEN TO USE BIG DATA

It's estimated that

2.5 QUINTILLION BYTES

40 ZETTABYTES

of data will be created by
2020, an increase of 300
times from 2005

The
FOURV’s
of Big
Data

From traffic patterns and music downloads to web
history and medical records, data is recorded,
Mostcorpanies R e stodred. a_nd a&alzz;d to elzabir_ the technolggy
U'S: have'at least and services that the world relies on every day.

But what exactly is big data, and how can these

100 TERABYTES massive amounts of data be used?

of data are created each day

6 BILLION
PEOPLE

have cell
phones

WORLD POPULATION: 7 BILLION of data stored As a leader in the sector, IBM data scientists
break big data into four dimensions: Velume,
Velocity, Variety and Veracity

The New York Stock Exchange Modern cars have close to

captures

1TB OF TRADE
INFORMATION

during each trading session

Depending on the industry and organization, big
9 100 SENSORS data encompasses information from multiple
that monitor items such as internal and external sources such as transactions,
fuel level and tire pressure social media, enterprise content, sensors and
mobile devices. Companies can leverage data to
adapt their products and services to better meet
customer needs, optimize operations and
infrastructure, and find new sources of revenue.

/g Velocity -

By 2015
ANALYSIS OF 44 MILLION I J0BS
STREAMING DATA will be created globally to support big data,

with 1.9 million in the United States

By 2016, it is projected
there will be

18.9 BILLION
NETWORK
CONNECTIONS

YYYyYyrYyYyYYyYyYYyyy
pe X TTITTTTTIT

Sources: McKinsey Global Institute, Twitter, Cisco, Gartner, EMC, SAS, IBM, MEPTEC, QAS
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As of 2011, the global size of
data in healthcare was
estimated to be
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are shared on Facebook

every month
Qoor

don’t trust the information
they use to make decisions

in one survey were unsure of
how much of their data was
inaccurate

By 2014, it's anticipated
there will be

o,

Variety e
DIFFERENT
FORMS OF DATA

’ » " 4 are sent per day by about 200

" million monthly active users

Poor data quality costs the US
( economy around

Veracity

UNCERTAINTY
OF DATA
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THE OBSTACLES OF IMPLEMENTING BIG DATA

JINIEN techno organi
data people
S case logy

zation

WIWW ANDERTOONS.COM

mediatrac "I liked it better before big data and metadata when :
we just had good old regular data.” CONFIDENTIAL for internal use only




USING IT
IS THE HARDEST PART.

JINI S

S Case
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B

IG DATA ANALYTICS FUNCTIONS

. Descriptive Analytics,

can document and convey what is happening

. Diagnostic Analytics,

might shed light on why things may happen

. Predictive Analytics,

could give us a sense of what is likely to
happen

. Prescriptive Analytics,

mediatrac

will prescribes what to do to take advantage
of the predicted future, and optimize your
value creation process

Big Data
_rredictive Analytics
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BIG DATA APPLICATIONS

1. Real-Time Awareness,

i.e., how “Big Data can paint a fine-grained and current representation
of reality which can inform the design and targeting of programs and
policies.”

. Early Warning,

i.e., the “early detection of anomalies in how populations use digital
devices and services can enable faster response in times of crisis.”

. Real-Time Feedback,

i.e., “the ability to monitor a population in real time makes it possible
to understand where policies and programs are failing and make the
necessary adjustments.”

. Planning and Optimization,

i.e., “the ability to show what would likely to happen to a specific
population makes it easier to plan and optimize certain policies and
programs.”
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real time awareness: farming

Farming information System
1T’S NoT BORING

UP HERE — YoU GET To Big data analysis can increase crop yields by helping farmers make better
LooK THROUGH EVERYONE’'S decisions about when to plant, manage and harvest their crops. Beyond
broad data sets on topics such as rainfall levels, signs of pests and
diseases, and anticipated prices at local markets, there is also the highly
specialised and specific data sets such as plant genomics and local
weather conditions.

Soil maps and weather simulation

The Climate Corporation operates a cloud-based farming information
system that takes weather measurements from 2.5 million locations and

0 DFetchr o Coofveaksum combines it with 150 billion soil observations to generate 10 trillion
weather simulation data points. This information allows farmers to know
information as diverse as when is the best time to spray fields to getting
an accurate estimate of the value of fields they may be considering
buying.

Crowdsourcing farming data

The CGIAR Consortium in France hopes to develop an app which uses all
the available data to allow African farmers to identify their local soil type,
the planting and harvesting requirements of each specific field, and then
direct them to where they can locally purchase the seeds needed.
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real time feedback: finance

» financial trends P credit rating alerts for the poor

"Aid groups are not just tracking ... Cignifi, a Brazilian startup, for
physical phones; they are also example developed a technology to
starting to watch levels of mobile recognize patterns in the usages of
phone usage and patterns of bill mobile devices.

payment, too. The system recognizes phone-calls,
If this suddenly changes, it can text messages and data usage and
indicate rising levels of economic based on this information it can
distress, far more accurately than, recognize someone's lifestyle and
say, GDP data. ... [If any organization] his/her corresponding credit risk
spots a sudden increase in certain profile.

keywords, this can also provide an

early warning of distress."

Anyone with a mobile phone can be credit scored e » =«

ey
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early warning system (ews)

mediatrac

P poverty detection/prevention

P famine, and food security

P climate change

P farming

P fertility and population control
P disaster and risk management
P education resources

P energy consumption

» health and nutrition

P water and sanitation

P voice and accountability

P safety net and transfers

P issues and potential crisis monitoring and
management
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sample ews: natural disaster

mediatrac

Number of events

per year
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earthquake, extreme
temperatures,
famine, flood, insect
infestation, slides,
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wave | surge, wild
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Trends in number
of reported events

Much of the increase in the number of
hazardous events is probably due to
significant improvements in information
access and alsoto population growth, but
the number of floods and cyclones being
reported is still rising compared to
earthquakes. How, we must ask, is global
warming affecting the frequency of natural
hazards?

Earthquakes
versus climatic disasters

Floods
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Source: Munich Re, 2004,

Number of events

Mobilising Data to Deal with an
Epidemic

In the wake of Haiti’'s devastating 2010
earthquake, researchers at the Karolinska
Institute and Columbia University
demonstrated that mobile data patterns
could be used to understand the movement
of refugees and the consequent health risks
posed by these movements. Researchers
from the two organisations obtained data on
the outflow of people from Port-au-Prince
following the earthquake by tracking the
movement of nearly two million SIM cards in
the country. They were able to accurately
analyse the destination of over 600,000
people displaced from Port-au-Prince, and
they made this information available to
government and humanitarian organisations
dealing with the crisis. Later that year, a
cholera outbreak struck the country and the
same team used mobile data to track the
movement of people from affected zones.
Aid organisations used this data to prepare
for new outbreaks. The example from Haiti
demonstrates how mobile data analysis
could revolutionise disaster and emergency
responses.
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sample ews: nutrition and food security

Figure 2 Data representation using a map, table and histogram Near Term Medium Term
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sample ews: famine

YEMEN - LIVELIHOOD ZONES

Using big data to aid the battle against hunger isn’t a new idea. The Famine Early Warning System has been in operation for 25 years
to help international aid groups predict where famines in remote regions are about to occur and thus target the $1.5 billion of
annual food aid from the U.S. Agency for International Development.

The system relies on a blend of social and scientific big data from federal agencies as diverse as NASA, the National Oceanic and
Atmospheric Administration, and the Department of Agriculture to create hydrological models, food-economics forecasts, weather
and climate simulations, and food-borne illness predictions. The output from these models is increasingly accurate and allows the
world’s political leaders respond quickly and effectively in the early stages of a famine.
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planning and optimization

P better poverty policy segmentation/potential
area mapping by unique area characteristic

P better targeting method through not only
predictive analysis but policy simulation

/////g/é% e ,////////
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/////////

“THAT’S your Ark for the Big Data
flood? Noah, you will need a
mediatrac lot more storage space!” CONFIDENTIAL for internal use only




How'’'s THE
BIG DATA PROTECT
COMING ALONG,
HO5KINS?
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DATA HYGIENE, THE BIGGEST OBSTACLE OF ALL

data
data source data transformation
and protocols preprocessing and
enrichment

data matching
data cleansing and
consolidation
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SECOND COMMON PROBLEM

NO BIG DATA




possible initiatives

P single data repositories using big data environment

p identity matching across all public data for individual and
critical entities

P single 360 view of development subject

I’VE oNLY MANAGED To
COLLECT A 100MB oF DATA
oN oUR CUSTOMERS,
THEY’RE A BORING BUNCH
oF PEOPLE!

A © D.Fletcher for CloudTweaks.com
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framework for data commons
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/Individuals \

Data Type: ‘Crowdsourced’ information, data
exhaust

Sharing Incentives: Pricing/offers, improved
services

Requirements: Privacy standards, ‘opt out’

Qbility J

Data Type: Census data, health indicators, tax
and expenditure information, facility data

Sharing Incentives: Improved service
provision, increased efficiency in expenditures

Requirements: Privacy standards, ‘opt out’

!ability

/Public/DeveIopment Sector \

Data Type: Transaction data, spending & use
information

Sharing Incentives: Improved consumer
knowledge and ability to predict trends

Requirements: Business models, ownership of

\sensitive data

4
KPrivate Sector \

4

I EVE]
Commons

Data Mining
& Analysis

Faster Outbreak
Tracking & Response

Improved
Understanding of
Crisis Behavior
Change

Accurate Mapping of
Service Needs

Ability to Predict
Demand & Supply
Changes
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sample: web scraping

Indonesian Rice Crisis Tracking

Team Ndizi’s final project looked at rice prices in Indonesia over time. The data was scraped

from Carrefour Indonesia, a popular supermarket chain. The team also used the Wayback

Machine to go back to historical versions of the website to collect data. Some experimentation

was done with pulling prices from Twitter data as well, but there was not enough time to create
%

a full-fledge “universal” scraper from all sources.

Price of Rice per kg in Indonesia
vs World Price

~+-Si Pulen Crystal Topi Koki Setea Ramos
A Word Price FAO

— Linear (Si Pulen Crystal) — Linear (Topi Koki Setra Ramos

Price per person per day for a balanced 2,000 calorie diet.

Linear (World Price

Figure 16: World food prices, as reported by major monitoring agencies (green and yellow) vs.
Lettuce
prices of two brands of rice in Indonesia (blue and red). $6.00 .
otato
Tomato
Oranges
Apples

Chicken Breasts (Boneless, Skinless)

® Local Cheese

Eggs

m Fresh White Bread

® Milk (regular)
| B O O

Ethiopia  Ethiopia  Uganda  Uganda  Kenya Kenya  Tanzania Tanzania
National ~ Addis  National ~Kampala National  Nairobi
Ababa

Figure 13: Proportional break down of costs for a healthy balanced diet in South Africa.
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sample: mobile surveys

Percent of people who reported being robbed in
the last month

B SMS
B VR
CATI

F2F Followup1 Followup2

Figure 19: Percentage of “Yes” responses given at each stage of the interview process,

broken out by technology.
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sample: perceived trust vs credit rating

Borrower Rate

Lender Rate

Loan Amount (in '000)

"Close Auction when Funded" Indicator
Number of Photographs

Number of Words in Listing Text

Number of Words in Listing Text (squared)
Number of Prior Listings

Endorsement Indicator

Group Membership Indicator
Group Leader Reward Rate

Listing Start Date
Bank Draft Fee Annual Rate

Default Indicator
Prepayment Indicator

Loan Origination Date
Loan Age (in days since origination)

mediatrac

The rate the borrower pays on the loan. The rate is computed as the Lender Rate plus the Group
Leader Reward Rate (if applicable) and the Bank Draft Fee Annual Rate (if applicable).

The rate that lenders receive on the loan.

The requested loan amount in thousands of USD.

An indicator that equals one if the listing closes as soon as it is funded 100%.
The number of photographs associated with a listing.

The number of words used by the borrower in the listing text.

The square of the Number of Words in Listing Text variable.

The number of listings submitted prior to the current listing.

An indicator that equals one if another Prosper member has endorsed the borrower and zero
otherwise.

An indicator that equals one if the borrower is a member of a Prosper group and zero otherwise.
The percentage reward which is kept by the group leader. The variable is zero if the borrower is
not a member of group.

The date at which a listing was created.

The rate charged by the bank when the payment option selected is not Electronic Funds Transfer.

An indicator that equals one if the loan status is "Defaulted (Bankruptcy)", "Defaulted
(Delinquency)", "Charge-off", or "4+ months late" and zero otherwise.

An indicator that equals one if the loan is prepaid in full and zero otherwise.

The date at which the loan was originated.

The time (in days) between the Loan Origination Date and the date of the last available loan
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sample: perceived trust vs credit rating

Table 6
Predicting Default

Trustworthiness
TRUST _index _median

HIGHTRUST

Controls
ATTRACT _median

HIGHATTRACT

Demographic Information
Credit Profile Information
Income & Education Information
Listing & Loan Characteristics

NO
NO
NO
NO

NO
NO
NO
NO

0.9777
80.9%

YES
NO
NO
NO

0.8472

8.8%
YES
NO
NO
NO

1.0295
76.5%

YES
YES
YES
YES

0.8140

4.2%
YES
YES
YES
YES

mediatrac

Table 6 presents hazard ratios from a Cox default model. Default occurs when payments on a loan are 4-
month or more late. The model is estimated using all 3,291 loans. For each variable, we report the hazard
ratio as well as the p-value associated with the test whether the hazard ratio is equal to 1. Standard errors
are robust to heteroscedasticity. See Table 3 Panel B for a definition of the sets of control variables. See
Table 1 for a detailed description of all variables.
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sample: poverty vs light intensity

Statistical Analysis of Light Intensity Levels and Poverty Data

Figure 2: An overlaid map of poverty in 2001 and light intensity.

Using the standardized data from both poverty maps of Bangladesh and satellite imagery of
nighttime illumination, the team set out to answer the following questions:

e Is poverty correlated with light intensity?
e Are changes in poverty correlated with changes in light intensity?
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sample: poverty vs light intensity

Poverty vs. Light Intensity in 2001

The first model the team built was a linear regression predicting poverty level from light
intensity alone using 2001 data. Figure 5 shows a plot of the predicted poverty levels in 2001
and the actual poverty levels using light data alone. All hyper-parameters of the model are
selected based on cross validation on 80% of the data. The model is then fit to the same 80%
and used to predict the remaining 20%. The team set the alpha parameter to 10.0 for these
computations, which is recommended when using 80% of the data as cross-validation.

g
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8
e
=1
@
a

predicted poverty

_O'—ZO,Z 0.0 0.2 0.4 0.6 0.8 1.0 1.2
true poverty

Figures 5 (top) and 5 (bottom): Predicted poverty vs. true poverty in 2001 for the model fit using light
intensity and census data from 2001. (Figure 5: RMSE = 0.067650; Figure 6: RMSE =0.076982).
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sample open data initiatives

f Government Catalyst \

Enact appropriate legislation protecting end users
without stifling innovation

Open data to the public (free or for purchase) in a
way that allows for innovation without infringing on
citizen's privacy

Encourage the development of appropriate
technological infrastructure and training of

k individuals capable of analyzing big data J

n

Private Sector Development

= Once proper regulations are in place and public
trust about the use of data has been gained,
telecoms can compile or 'curate' mobile-generated
data for use by both profit-seeking enterprises and
development organisations

/Public-Private Collaboration\ j

* Telecoms and governments must work together
to find a way to track mobile information back to
an individual, rather than a SIM

Government or Multi-lateral funded initiatives
using data generated from mobile for
development or government planning purposes

k (e.g., health, agriculture, education) j
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sample data acquisition devices

MyFarm

social media for farmers

Aqueduct

interactive tool that provides high-resolution maps of
water-related risks

Drones

self programmed for soil mapping and crop quality
detection

Soil Sensors

monitor and alerts through your mobile phones
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data integration
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power meter
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individual behavior tracking
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geo-demographic segmentation

clusplot{pam(x = data1, k = 4)) Silhouette plot of pam(x = data1, k = 4)

n=41

4 clusters C,
- nlave. s,

1. 91057

ompanent

3131051
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Silhouette width s,
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These two components explain 55.48 % of the point variability.

Average silhovette width : 0.56

— Kotamadya Borde:
No Data
Cluster
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contextual recommendation engine
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brand relationship network — flu medicine
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brand relationship network at 10,000 threshold
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issue management tools: rice import

Show: favorability - Descendants of All Fav at favorability Group by: issue - Descendants of All Issue at Issue
Size:  All period - mentions Thenby: None

Color: All period - potential perception impact Then by: None

contra contra

contra

Suara Karya Bisnis Indonesia Koran Tempo Republika Investor Daily Indonesia

Harian Seputar Indonesia o e . Media Indonesia Rakyat Merdeka

Harian Ekonomi Neraca
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media coverage prediction: rice import

Mean -0.3188
Std. Dev. 0.9489
n 458

% 100.00
Predicted -0.3188

Adi. P-value=0.0000, F=30.3393, df=2,455

ill. irmo‘rt;price [ political rel. \ rice stock
Node 1 Node 2 Node 3
Mean -0.4257 Mean -0.7886 Mean -0.0256
Std. Dev. 0.9094 Std. Dev. 0.6174 Std. Dev. 1.0018
n 101 n 123 n 234
% 22.05 % 26.86 % 51.09
Predicted -0.4257 \ Predicted -0.7886 j Predicted -0.0256
=
MEDIA

Adi. P-value=0.0374, F=17.7233, df=1,232

|

BIKT:M EN;SI;ID;Kom;TM;Rep;SK;SF

Node 4 Node 5
Mean 0.3699 Mean -0.2050
Std. Dev. 0.9355 Std. Dev. 0.9818
n 73 n 161
% 15.94 % 35.15
Predicted 0.3699 Predicted -0.2050




media coverage prediction:

rice import

FAV N
Node 0
Mean -0.3188
Std. Dev. 0.9489
n 458
% 100.00
| Predicted -0.3188 |
| ——————————————— } ,,,,,,,,,,,,,,,,,,,, ];
DAY NAME

Adij. P-value=0.0226, F=12.9280, df=1,456

Fri;:Sat;Tue;Wed

-

~

Node 1
Mean -0.2040
Std. Dev. 0.9806
n 299
% 65.28
Predicted -0.2040

Sun:Mon:Thu
Node 2
Mean -0.5346
Std. Dev. 0.8478
n 159
% 34.72
Predicted -0.5346




article volume and sentiment on BLT over time
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media coverage prediction: BLT

Bayesian Network Variable Importance

Type Targets: favorability

@ Predictors
@® Targets

Importance

tr_visual

tr_placement

tr_size

tr_mentions—

0.0
tr_mentions

mediatrac




media positions on BLT issues
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opinion leaders clusters




non obvious affinities between political groups
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BLT ISSUE MAP FOR YEAR 2007
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BLT ISSUE MAP FOR YEAR 2008
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BLT ISSUE MAP FOR YEAR 2009
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BLT WORD CLOUD FOR YEAR 2007
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BLT WORD CLOUD FOR YEAR 2008
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BLT WORD CLOUD FOR YEAR 2009
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key learnings

use internet of things and crowd source
record everything
clean them, integrate
and share them back

correlate everything
but, beware of over fitting

IN THE DATA. EVERYONE

| WE FOUND THIS CORRELATION
| TAKEA RAZOR.

mediatrac ;
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DATA THAT WE ACQUIRED SO FAR

P linguistic data

150+ nationwide offline print publications in digital forms
since 2003 (20+ terabytes)

online news publications since 2005

forums, blogs and social media data since 2009
P geo demographics

180+ million individual customer data

geo-tagged BPS data

3 million+ geo-tagged point of interest data

456.257 km up-to-date administration borders & roads
(polyline data) including road classes & names and 77.994
areas up-to-date administration areas (polygon data) up to
village level

P others
nationwide traffic data
business and SME data
agriculture data, etc.

mediatrac




techno

“It does look similar—but this one
is powered by Hadoop™
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not so long ago
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traditional vendor landscape
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big data vendors
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HADOOP
a new approach (not the only one)

* A radical new approach to distributed computing
Distribute data when the data is stored
Run computation where the data is
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sample hybrid architecture

Web Aralytics/

Campaign Management ‘ and more
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key learnings

have a clear business case first
then choose and design appropriate infrastructure
have neutral consultants
do the transition in phases
use hybrid solutions if necessary
there is no miracle drugs

TIMC WELL SffNT" b Tom F.ngqrr\g

SEE, I TOLD You

THAT BIG DATA
WAS TOO SCARY
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WE HAVE A GIGANTIC
DATABASE FULL OF
CUSTOMER BEHAVIOR
INFORMATION.

EXCELLENT. WE CAN
USE NON-LINEAR
MATH AND DATA
MINING TECHNOLOGY
TO OPTIMIZE OUR
RETAIL CHANNELS!

IF THAT'S THE
SAME THING AS
SPAM, WE'RE
HAVING A GOOD
MEETING HERE.

scottadams®aol.com
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IM WORKINGONA 3] 1M A
FRAMEWORK TO ALLOW LITTLE  SETTLE
CONSTRUCTION OF TURNED DOWN. IT'S
LARGE—SCALE ANALYT— ON BY JUST A
ICAL QUERIES ON UN— FRAMEWORK.
STRUCTURED DATA.

S0, WHAT DO YOU
DO FOR A LIVING?

5-12 ©2012 Scott AGams, INC. /DL by Ureverssd

Dilbert.com DilbertCartoonist@gmail.com | www.dilbert.com
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THE HARDEST PART TO GATHER

a group of data a group of big
scientist data technician

Data scientists are the new rock stars of IT

“Of course, I don't
even get out of bed for
less than a petabyte”

mediatrac CONFIDENTIAL for internal use only
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WHAT IS DATA SCIENTIST

STATISTICIAN
PROGRAMMERS AND
MOST IMPORTANTLY
MATHEMATICIAN

EXPERTS IN

DATA VISUALIZATION,

ECONOMY,
SOCIAL SCIENCE,
PSYCHOLOGY,
PHYSICS,
BIOLOGY,
CHEMISTRY,
BUSINESS

‘ © 2014 Ted Goff
. ]ph
772Gl
.

AI“‘

"Sweetheart, my neural net
predicts that you and | are

98.9% compatible.
Will you be my Valentine?”
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BIG DATA ANALYTIC BUZZWORDS

DESCRIPTIVE ANALYTIC
DIAGNOSTIC ANALYTIC
PREDICTIVE ANALYTIC
PRESCRIPTIVE ANALYTIC
COGNITIVE ANALYTIC
MACHINE LEARNING

LINEAR PROGRAMMING
AGENT BASED MODELING
GRAPH THEORY
TOPOLOGICAL DATA ANALYSIS

DIFFERENTIAL GEOMETRY

Big Data

Predictive Analytics
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key learnings

first, have a clear business case
then, you have to adapt your organization
to attract the right people
since most of them are specialist, explore crowdsourcing and
external partnership
remember, you don’t have to have or use all the newest thing
you read in a magazine

“So you want to hire me as a Data Scientist
for Intelligent Virtualized Deep Machine
Learning Real-time Big Data in the Cloud
for Social Networks? Ok, but if you also

mediatrac want Hadoop, increase my salary by 50%. CONFIDENTIAL for internal use only




technology and analytic method that we developed

that might be useful for public sector analytic

P data acquisition
proprietary optical scanning devices with automatic calibration engine
numerous development in mobile applications and internet related devices
P data cleansing and preparation
automatic error spelling correction library and engines
entity and relationship extraction engine
text summary and classification
indonesian language corpus
indonesian entity and relationship database
P data integration, matching and enrichment
BIG data infrastructure expertise
SQL and NOSQL data integration library
identity matching engine
entity enrichment engine
P data query, visualization, mining and advanced analytic
proprietary query and visualization library

proprietary mining and analytic tools and library
sentiment analysis
topic modeling
adaptive modeling engine
financial transaction analysis and visualization engine
brand relationship network

mediatrac




"Finance here - we're not sure
about this Hadoop thing...
Could you just dump it all
into Excel for us?"

organization

TimoElliott.com
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organizational pre-requisites

strong business
case

readiness
assessments

commitment
from top
management

step by step
implementation

ARE You
SURE THIS 15
How WE GET

DATA INTO
THE ClLoubd?

mediatrac

change management team
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important big data related issues

data
governance big data
and privacy security

policy

big data data centric
innovation and culture and
research habit

“Remember, the other team is
counting on Big Data insights based
on previous games. So, kick
e the ball with your other foot.”
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key learnings

have a really strong and clear business case
do thorough readiness assessments
have a persistent change management team
implement in stages
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WHAT NEEDS TO DONE

acquire,

have a clear enrich,
business clean and
case integrate
your data

mediatrac

choose the
appropriate
technology
and analytic
methodolog

y

assemble a
team of
highly
specialized
people

adapt your
organization
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WE'VE DECIDED
To TAKE BIG
DATA To THE
NEXT LEVEL...

£ D.Fetcher for CoudTweks.com

THANK YOU
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